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TODAY'S ROADMAP

Helll@igllgleRAY/elVilIWalk away with!

No Al jargon — just what your office needs to know, and what it can do.

/ O1
The problem

Al is already making decisions in your

jurisdiction. Where — and why it matters.

/ 02

What “auditing Al” means

The same discipline you already use ; applied

to algorithms. 3 questions every audit answers.

/ 03
iQ4Al

How non-engineers run a rigorous Al audit. No

code, no maths, no ML team.

By the end, you'll have concrete too/s — gled §[VEi & [[e [}

O2 - The problem

/ 04

Live demo

An internal promotions model, audited end-to-

end on stage. Fair? Accurate? Both?

code4thought®
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THE PROBLEM YOU'VE ALREADY INHERITED

DISTeiilela R g MY eV I@[VIf[{e llasielalare being made by

algorithms.

O2 - The problem

Often quietly. Often by third-party vendors. And — until very recently — nobody was auditing them the

way we audit every other public-sector decision.

/ WELFARE

Benefits & fraud

Eligibility, risk-scoring of recipients, automatic
flagging.

/ JUSTICE

Risk assessment

Bail, sentencing recommendations, pre-trial
detention.

It a human caseworker did this, you'd audit the file.

The algorithm deserves the same scrutiny.

/ HEALTH
Triage & access

Care prioritisation, waiting-list ordering, screening.

/ EDUCATION

Allocation

& codedthought e

School placement, exam grading, scholarship

awards.

code4thought®



03 - What an Al model is 3k codedthought e

FIRST — WHAT IS AN “Al MODEL"?

It,S a rule Of thumb |earned from ;_IS.TEPOj—THE OLD FILES
istorical cases
O | d Ca Se S_ Past applicants, past inspections, past outcomes — whatever the office has on file.

2 2

A casework supervisor reviews ten thousand past files and notices
/ STEP 02 — THE PATTERN
atterns: which factors tended to predict which outcomes. The .y
P P y Pattern-finding

turn that hunch into a checklist new staff can apply' The model fits a rule: “cases that look like X tended to result in ¥~

An Al model is the same idea — automated. It studies past examples,

finds patterns, and reproduces them on new cases at scale.
/ STEP O3 — THE DECISION

Applied to new cases

Same rule, applied — automatically — to every new file that arrives.
NOT MAGIC. NOT UNDERSTANDING. NOT JUDGEMENT. JUST STATISTICS ON PAST DATA.

coded4thought®



WHY A LEARNED RULE OF THUMB CAN FAIL

04 - Why Al goes wrong 3k codedthought e

Three ways an Al system goes wrong — even when the maths is

“correct’.

/ 01 — Bad mirror

It learned from biased
history.

The past it studied was already unequal. The model
faithfully reproduces that inequality — at scale, and with
the air of objectivity.

For example — past inspectors flagged certain
neighbourhoods more aggressively, the model learns to
do the same.

/ 02 — Sneaky proxies

It found a stand-in for a
forbidden trait.

Even if you remove protected attributes like ethnicity,
the model can rediscover them through a postcode, a
school, a surname — and decide based on that.

For example — a ‘networking score” that quietly
correlates with gender, doing the work the original
variable is no longer allowed to do.

/ 03 — Drift

The world changed, the
model didn’t.

It was trained on the population of five years ago.
Today’s applicants don’t look like that population — but
the model is still applying yesterday's rule.

For example — a fraud detector tuned to pre-
pandemic spending suddenly misclassifying ordinary
post-pandemic behaviour.

coded4thought®



IT HAS ALREADY HAPPENED — IN PUBLIC-SECTOR CONTEXTS

O5 - Real cases Sk codedthought e

Three cases where an unaudited algorithm caused public harm.

Childcare-benefits scandal

A risk-scoring algorithm flagged families — disproportionately
those with dual nationality or non-Dutch surnames — as
likely fraudsters. Benefits were clawed back. Families were

ruined. The cabinet eventually resigned over it.

FAMILIES WRONGLY ACCUSED

= 26,000

/ UNITED KINGDOM - 2020

A-level grading algorithm

Department for Education - exam grade prediction

With exams cancelled during COVID, an algorithm assigned
final grades. It systematically downgraded students from
state schools while leaving private-school grades largely
intact. The decision was reversed within days under public

pressure.

GRADES DOWNGRADED

= 40 %

/ In every case, an audit at deployment would have caught it. None was performed.

/ UNITED STATES - 2016 ONWARDS

Criminal-justice risk scoring

State courts - pre-trial risk assessment

An investigation found a widely-used risk-scoring tool was
nearly twice as likely to incorrectly flag Black defendants as
future re-offenders, and to incorrectly label white defendants

as low risk. The tool was already in use across multiple states.

BIAS RATIO (FALSE FLAGS)

= 2% higher

coded4thought®



/ 02

WieEEld auditing Al'EE(ELYAEETRE

The same discipline you already use — applied to algorithms.

code4thought®




SO — WHAT DOES “AUDITING Al” ACTUALLY MEAN?

The same audit
you already do.
For an algorithm.

You already know how to audit a process: look at the inputs,
examine the procedure, test the outputs, and check it against

the rules.

An Al audit is exactly that — applied to a decision-making system

that happens to be a piece of software instead of a casework team.

Same evidence-based discipline. Different subject under audit.

06 - What auditing Al means Sk code4dthought e

/ TRADITIONAL AUDIT ASKS

Are the inputs trustworthy?

Was the procedure followed?

Are people treated consistently?

Can the decision be justified?

Is there a paper trail?

/ AN Al AUDIT ASKS

Is the training data representative &
current?

Does the model perform as claimed?

Are outcomes fair across groups?

Can the model’s reasoning be
explained?

Is there a versioned, traceable record?

FAMILIAR DISCIPLINE » APPLIED TO A NEW SUBJECT

coded4thought®



O7 - The three questions Sk codedthought e

THE THREE QUESTIONS EVERY Al AUDIT MUST ANSWER

Whatever the system, the audit boils down to three questions.

/ Question O1

Does it work?

PERFORMANCE

Forget the marketing. On real cases with known

outcomes — how often is it right, how often is it wrong,

and what kinds of mistakes does it make?

also called - accuracy - reliability - robustness

/ Question 02

Does it treat people
equally?

FAIRNESS

Across the people who pass through it — women and
men, citizens and residents, regions, ethnic groups —
are outcomes similar, or is one group consistently

worse off?

also called - equity - disparate impact - non-discrimination

/ Every other technical term you'll hear is a tool to answer one of these three.

/ Question 03

Can it be explained?

EXPLAINABILITY

When the system says “no” to a citizen, can we tell
them why — in terms a person, an auditor, and a court

would find acceptable?

also called - transparency - traceability - defensibility

coded4thought®



A PRACTICAL COMPLICATION FOR PUBLIC-SECTOR AUDITORS

08 - Black-box vs transparent Sk codedthought e

Most of the Al in your jurisdiction is a black box.

/ TYPE A
Transparent system

You — or your IT team — built it, or you have full access. You can open the model, see the data,

examine the rule it learned.

/ Typically: in-house tools, open-source models, research deployments

Audit posture: the full picture is available — perform a complete audit.

/ TYPE B

Black-box system

A vendor supplies the system. You feed in cases, you receive decisions. The model itself, the training
data, the inner workings — sealed.

/ Typically: procured platforms, SaaS scoring tools, API services

VS

Still auditable. What you see going in and coming out is enough to do real,
rigorous evaluation.

The common excuse — “‘we can’t audit it, the vendor won't share the model” — is no longer true. You don’t need the model. You need the predictions and the

demographics.

coded4thought®



09 - What an audit needs Sk codedthought e

WHAT YOU BRING TO AN Al AUDIT

Three ingredients — in plain words.

Not all are required. The art of the audit is choosing the right approach for what you actually have.

/ 01 — Always needed / 02 — Always needed / 03 — For fairness audits

The cases the system has seen What the system decided Who is in the data
A spreadsheet of the applicants, files, or events the Al was asked to The output for each of those cases — the verdict, the score, the risk The demographic attributes — age band, gender, region — needed
decide on — without the names, but with the relevant attributes. band. This is what the audit examines. to test whether outcomes vary by group.

REQUIRED REQUIRED FOR FAIRNESS

/ If you have the first two, an audit is already possible.
coded4thought®



THE REGULATORY WIND — BRIEFLY

This is moving from good
practice to obligation.

A few years ago, auditing an algorithm was a discretionary internal-
controls choice. It is becoming a legal one — and the public sector is in

the first wave of scope.

We'll keep this brief; the point is simply that the question has shifted

from “should we?”to “when, by whom, and to what standard?”

OECD Al
Principles

/ REFERENCE FRAMEWORK

National
guidance

/ VARIES BY COUNTRY

10 - Regulation 3k codedthought e

Classifies most public-sector Al as high-risk . Mandates documentation,

human oversight, post-market monitoring — and assessments akin to an
audit.

Endorsed by member states. Establishes transparency, accountability,

robustness as principles governments are expected to apply to their own
Al.

Algorithm registers, impact-assessment requirements, supreme-audit-

office reviews — emerging in most EU member states and the UK.

coded4thought®



11 - From obligation to capability #@ codedthought e

FROM OBLIGATION TO CAPABILITY

Required. So how does your office do it?

Most public-sector offices don’t have ML engineers on staff and can’t afford external consultants per
system. Three practical paths forward.

/ Path O1 / Path 02 / Path O3

Build it yourself. Hire it out, per audit. A platform built for auditors.

Hire data scientists, build the tooling, train the team. Years of External consultants per engagement. Per-system cost , slow A tool that speaks your language , runs the analysis under the
investment and ongoing maintenance — and a tough budget line turnaround, and the institutional knowledge walks out the door at hood, and produces evidence your office can sign off on. No ML

to defend to the board. the end of every project. team required.

Slow - expensive - hard to staff Costly - slow - no retention Fast - evidence-based - scales

/ The rest of this session walks through that third path.

coded4thought®



/ 03

[OVVN — the platform.

How non-engineers run a rigorous Al audit. No code, no maths.

code4thought®




12 - Introducing iQ4Al & codedthought e

WHERE WE COME IN

iIQ4Al is the platform that lets
le[[iEEIEfrun a rigorous Al audit.

Built for the people who sign off on public-sector decisions — internal auditors, compliance officers,
oversight bodies. You don’t need to write code, retrain the model, or understand the maths. You bring
what you have; the platform does the rest.

/ 01 / 02 / 03
Built for auditors Works on what you have Evidence-based output

No machine-learning background required. The interface speaks Three audit modes that adapt to your level of access — from full Versioned reports, audit trail, exportable findings — designed to
the language of governance — protected attributes, impact ratios, transparency down to vendor predictions only. defend a decision in front of a regulator, a citizen, or a court.

traceable findings.

codedthought®



13 - What a project is Sk codedthought e

WHERE MODELS, DATASETS, AND AUDITS ALL LIVE

A project is the question — and everything orbiting it.

A project pins down what an Al system is supposed to be
deciding — the task, the inputs, the outputs, the protected
groups. Then it gathers every model, every dataset, and

/ INSIDE ONE PROJECT Benefits ellglblllty — tier 1

/ HIGH-RISK - WELFARE ALLOCATION

Problem What is this system deciding? — the question in one sentence.
PROBLEM Classify applicants as eligible / not eligible
Setup Input shape, output shape, protected attributes, fairness thresholds. TasK Binary classification
Models The artifact(s) being audited — one or several versions over time. PROTECTED Region ) Age band - Gender
THRESHOLD 4/5ths rule (080)
Datasets The cases the audit runs against — and, where available, what actually happened.
OWNER Internal Audit - Cyprus
Audits Every evaluation and every report — versioned and attributable.
3 2 5 v4
DATASETS MODELS AUDITS CURRENT
ALL ARTEFACTS - VERSIONED LAST AUDIT - 2 WEEKS AGO

/' One project per decision you're auditing. Everything else hangs off it.

coded4thought®



14 -Workflow 3k codedthought e
/ UNDER THE HOOD — END-TO-END FLOW

Three stages: files in, tests run, evidence out.

How any project flows through the platform — with one governance layer running under all three stages.

/ STAGE 01

Inputs

What you bring

Cases
Each Al decision being tested

Decisions
What the Al predicted

Demographics
Protected group info

Model
The Al system itself

/ STAGE 02

Audit engine

What processes the evidence

Performance
Is it accurate?

Fairness
Are groups treated equally?

Explainability

Can the decision be justified?

Drift monitor
Has the world changed since?

/ STAGE 03

Evidence

What comes out for your file

Findings
Plain-language summary

Metrics
Numbers and charts

Methodology

How the tests ran

Audit trail
Who did what, when

/ CROSS-CUTTING — UNDER EVERY STAGE

Built around the stack — governance that every layer relies on.

Versioning Access and roles Audit log Integrations

Every audit re-runnable on the exact same inputs. Configurator, reviewer, sign-off — separated. Every action attributable, time-stamped. CSV in. PDF and Excel out. APIs for handoff.

Same pipeline for every audit. Auditor-friendly inputs in, defensible evidence out.
coded4thought®



15 - Models & predictions 3k codedthought e

COMPONENT - MODELS & PREDICTIONS

Bring the model — or just the predictions.

/ 01 - UPLOAD THE MODEL / 02 - PREDICTIONS ONLY
You hand us the trained model. Or just send the output.
iQ4Al loads it, runs inference on the testing set, and generates predictions for the audit When the model is a black box — a vendor tool, an API, a closed system — predictions alone are
automatically. enough.
->
ONNX ./ promotion_model_v3.onnx 2 7 PREDICTIONS.CSV - VENDOR OUTPUT
AUDIT

AL BTOIR S XGBoost - ONNX 1.16 ENGINE

INPUTS 11 features

OUTPUT probability

STATUS @ loaded

You don't always need the model. If a vendor provides only predictions,
iQ4Al can still audit fairness and output quality.

/ KEY PRINCIPLE

/ TYPE O1 / TYPE 02 / TYPE 03
Labels Probabilities Continuous
class-O/1-A/B/C confidence - 0.00 - 1.00 numeric score - regression
Classification audits. The minimum viable signal. Calibration & threshold analysis unlock with confidence scores. Regression & scoring models. Full distributional analysis.

coded4thought®



16 - Datasets Sk codedthought e

COMPONENT - DATA INTAKE

What goes in, and what the platform checks.

Every dataset is logged, validated, and ready for review — before any model touches it.

/ 01 /02 /03
Source recorded Data quality checked Ready for review
Filename, upload date, and uploader are captured Missing values, duplicates, and unexpected formats are A plain-language summary of every column is generated — no
automatically. Full audit trail from day one. flagged before processing begins. technical knowledge needed to inspect.
EXAMPLE - WHAT YOU SEE AFTER UPLOAD ¢ Validated - Ready for audit review

promotion_history.csv
3,847 employee records - 12 fields - Uploaded 12 / O3 / 2026 by J. Papadopoulos

WHAT'S IN THE FILE WHAT IT MEANS DATA QUALITY

Employee ID A unique number for each person — never the actual name. e Complete - all 3,847 records present

Gender Recorded as Male / Female / Prefer not to say. e Complete - O missing values

Years at company How long the employee has worked here. e Complete - range 0-34 years

Department Which business unit the employee belongs to. e Complete - 8 distinct departments

Performance rating Annual rating from manager review (1to 5). ¢ 1.2% missing - flagged for follow-up
e Traceability e Transparency ® Reproducibility

Every dataset has a logged source, date, and owner. Quality issues surface before, not after, analysis. Same input always yields the same audit record.

coded4thought®



3 CA4Te 17 - Audits 3k codedthought e

COMPONENT - AUDIT ENGINE

The Audit Triad Matrix

Three complementary audit pathways — each defined by a distinct purpose, catalyst, and output.

O1 02 O3

Assessment NYC Bias Law Audit Model Output Analysis

PURPOSE PURPOSE PURPOSE

End-to-end model quality assessment. Compliance with laws and regulations such as Broad output-level statistical analysis.
NYC Local Law 144,

CATALYST CATALYST

Requires ground truth. CATALYST Model outputs (no ground truth required).

ey OUTRUT Scoring / selection rates and impact ratios. (Y OUTRUT

Performance, fairness, explainability. KEY OUTPUT 14+ modular checks — drift, disparity,
Official PDF report - impact ratios across proportions.

gender / ethnicity.

Note - the EU Al Act audit architecture is reserved for future compliance routing.

coded4thought®



18 - How it works 3k codedthought e

HOW iQ4Al WORKS — FROM THE AUDITOR’S SEAT

Three steps. No code.

/ Step O1 / Step 02 / Step 03
Bring what you have Choose the audit type Read the evidence
Upload the cases the system has decided on, the decisions > Tell the platform which question you're asking — full audit, - The platform produces an evidence-based report: findings,
themselves, and (if available) the actual outcomes. A compliance check, or black-box review. It configures itself supporting metrics, defensible methodology — ready for your
spreadsheet is enough. accordingly. file, your board, or a regulator.

cases.csv - decisions.csv audit mode - protected attributes audit report - appendix - trail

/ WHO'S IN THE ROOM

The auditor IT (sometimes) The vendor
Configures the audit, reads the evidence, signs off. No code, no ML May help pull the data from the source system, then steps back. Not in the Not consulted on the audit itself. 7heir access ends at supplying outouts.
background. audit decisions.

/ UHE PRONISIE You bring the oversight question. iQ4Al brings the evidence. The audit opinion is yours.

coded4thought®



19 - What you get 3k codedthought e

WHAT AN IQ4Al AUDIT GIVES YOU

An audit file — not a black-box
answer.

_ _ o _ _ Ne PS-2026-014
The output is built to live in your file, your committee pack, and ® AUDIT REPORT

your reply to the regulator — not to disappear iINto @

dashboard nobody can quote from. / Verdict
Adverse impact detected on region & age

___________________________________________________________________________________________________

/ 01 Fmdmgs’ In writing - Benefits-eligibility scoring tool v4
Each conclusion stated plainly, with the evidence and the threshold it's measured against

Compliance check
AUDIT TYPE

/02  Supporting metrics
71.2% / 52.8%
The numbers behind the finding — charts, tables, breakdowns by group, exportabile. S SEECUCT AT

0.74 - below 0.80 threshold
IMPACT RATIO

/03  Methodology & parameters
Internal Audit - S. Marinov

The exact configuration used — thresholds, protected attributes, dataset versions. Re-runnable. PERFORMED BY

4/5ths rule - norming applied

. . METHODOLOGY
/04  Audit trail m
Who configured it, when, with what inputs. Every action logged and attributable.

Sign-off pendin
Reproducible - versioned d J

coded4thought®



20 - What to do next 3k codedthought e

A PRACTICAL STARTING POINT FOR YOUR OFFICE

A four-step Alaudit programme any office can stand up.

/ INVENTORY

List the algorithms in your
jurisdiction.

Most offices don’t have this list. Start with
procured systems — the contracts already say
what they do. You can’t audit what you can’t

see.

/ TRIAGE / AUDIT

Classify each one by risk. Run an evidence-based audit.
Decisions affecting benefits, justice, health, Pick the audit type that matches your access.
employment, education are high-risk under the Document findings in your file the same way you
EU Al Act — they go first. Lower-stakes tooling would any other audit. This is where iQ4Al fits.
can wait.

/ Start with one system. Build the muscle. Scale from there.

/ MONITOR

Re-audit on a cycle.
Models drift, populations change, vendors
update without telling you. An annual re-audit

is the floor ; high-risk systems may need

quarterly review.

codedthought®



/ 04

Live demok==2181s¥-leii[e]s}

An internal promotions model, audited end-to-end on stage.

codedthought®



/ LIVE DEMO — ASSESSMENT MODE

An internal promotions model. Fair and accurate?

We have full access to the model, the data, and the ground truth — so we run an Assessment.

/ THE SCENARIO / 13 FEATURES — WHAT THE MODEL USES
Internal promotions model Inputs to the promotion decision
PROTECTED ATTRIBUTES — WHAT WE TEST FAIRNESS AGAINST
[ gender J [ age J [ age_group J

/ FULL ACCESS — WHY WE CAN ASSESS
BACKGROUND & ROLE

v, The model

years_experience education_level department
We can run it on any input.

. . PERFORMANCE SIGNALS
v/ The training data

We see what it learned from. performance_rating certifications projects_completed training_hours

networking_score leadership_potential hours_worked_weekly
v/ The ground truth 9

We know what really happened.

THE QUESTION - Is the model both accurate enough to defend — and fair across gender and age?




— Q&A SESSION

Questions from the room.

Six questions from the live webinar — with the answers we gave.

Q&A - Audience questions code4dthought®



O1- Q&A

/ Q- 01

[Mw¢ eAeyxelg Eva proprietary "black box" poviEAo;

OUR ANSWER

Meow black-box auditing: oteAvoupe eAeyxOpeva OEOOUEVA OTO PHOVTEAO KOL AVOAUOUME TL eETILOTPEPEL. Agv aTtatteital
TPOoBacn oTov TINyaio KwWolka oute ota training data* tou mapoxou — apkei N poéolacn oto API tou povieAovu.

> xedldloupe otoyxeupsva test sets, afloAoyoupe fairness, robustness, performance kat explainability, kal Tekunplwvoupe tn
OUMTIEPLPOPA TOU POVTEAOU pE PETPNOLPA otolxeia. Me autdv tov TpOTIo eTTaANBeUOUE AV TNPEOUVTAL Ol OEOHEUOELS TOU
A POXOU — XWPIC va Xpelaotel va avoi&oupe 10 KOUTL.

* 2nueiwon: ta training data eival amoapaitnta pévo otnv mepimtwon tou explainability analysis

01- Q&A - Mwg eAéyxelg éva proprietary "black box" poviého; codedthought®



02 - Q&A
/Q-02

[16c0 "non-technical” uymopel va eival o EAEYKTAG;

OUR ANSWER

H mAatpoppa arteuBuvetal Kal og eAEYKTEG, OXL pOvo og data scientists. Aev xpelddetal amapaitnta yvwon Python,
otatotiknc N Machine Learning (ML). Xpeladetal Opwe KATtavonon Tou Tt eAEYXELC: business context, puBuLloTIKO TIAQLLOLO,
olaxeiplon plokou. H eAeyKTLKN guTttelpia eival 1o (NToupevo — epeic avaAapuBAvoupe TO TEXVIKO KOPUUATL HECO ATIO ETOLUEG
POEC EpYAOiag, TIPOKOBOPLOPEVEC PUOUIOELC KAl QUTOUATOTIOINHEVEG AVOPOPES. ETUTIAEOV, N TIAATPOPUA TIPOOPEPEL
insights kalL recommendations og ATAr, Katavonty YAWoOoA, WOTE O EAEYKTHC VA EPPNVEUEL TA EUPHHATA XWPEILC TEXVIKO
AECINOYLO.

02 - Q&A - T1600 "non-technical" pmtopel va sival o eAeYKTING;

codedthought®



03 - Q&A

VA ORNOK

KaAutttel n peOodoAoyia cag katl generative Al / LLMs;

OUR ANSWER

Nal, OAA pe DLAPOPETIKO OET EAEYXWYV. TA KAAOCIKA HOVTIEAQ TIPOPRAEYNC eAEyXovTaAl yia pepoAnyia, akpifela kal
UTIORABULON TNC ATIOS0O0NC HE TNV TIAPODOO ToU XpOvou. Ta generative povieAa (LLMs) amattouv eTiUmAEov EAEYXOUG:
Tapaywyn pyeudwyv TtAnpooplwy (hallucinations), KAKOBOUAN xelpaywynon HECW eVTIOAWYV (prompt injection), dlappon
guaiocONTWY 0EQOUEVWY, AKATAANNAO TIEPLEXOHUEVO KAL OUVETIELA OTIC ATIOVINOELG. AUTH TN OTLYU N TIAATPOPPO KOAUTITEL
TIANPWC TA poVIEAQ TIPORAewNC — 1o e€eldlkeupevo module yia generative Al Bpioketal NdN o€ avaTttuEn KOL AVOPEVETAL OE
gTIOEVN €KOOON.

03 - Q&A - KaAuTttel n peBodoloyia kat generative Al / LLMs; codedthought®



04 - Q&A
/Q-04

H mAatpoppa Ttpoteivel dLopOwaoeLlg n HOVO evtoTtiCel
gupnuata;

OUR ANSWER

Kal ta duo. H mAatpoppa dgv eTiionpaivel AmAwe Ta euprpata, 0 OpLOPEVA onpeia TIpoTEiveL NON CUYKEKPLPEVEG
OLOPOWOELS, e PNVUPOTA O€ ATIAR KAl KOATOVONTH YAWOOQ, WOoTE O XPNOTNG Vo KaTaAaaivel Tt Ttpetiel va aAAAgel Kal yLati.
[TapAAANAQ, BpiokeTal 0e ACN AVATITUENG N SUVATOTNTA QUVOULKWY TIPOTACEWYV dLOpBwoNng HECW TeEXVNTAC vonuoouvng,
Tiou Ba Tpooappdlovtal ava supnua. Kat puotkd, ttiepa armo to iQ4Al, n opdda pag eival tavia dlabsoiun yLa va oog
KoBodnynoelL oe KABe Briua.

04 - Q&A - H m\atpdppa TpoTeivel SLIopBwoels 1 HOVO EVIOTICEL codedthought®



05 - Q&A

/Q-05

[Mw¢ dwaopaAiCoupe 6Tl To audit alomolei 6OAa ta data
TIOU ELOAYOULIE;

OUR ANSWER

Me TIARpN LXVNAQCLUOTNTA KAL KATaypa®r KABe Bripatog. KaBe ouvoAo dedOUEVWY TIOU ELOAYETAL KATAYPAPETAL QUTOHATA
— TIOLOC TO avePaoe, TIOTE, KAl 0€ TIOloV EAgyX0 avilotolxel. Meéoa otnv TAATPOpUA BAETIELC TIOOEC YPAUMUES KAl OTHAEC
TIEPLEXEL, AV KATIOLEC EYYPAPEC APALPEONKAV KAl Yyla TIOLoV AOY0. OL EAeyXOL ACLOTIOLOUV TIAVTIA TO OUVOAO TWwV JLABECIHWY
OEOOHEVWYV. 2TIC TIEPLTITWOELG TIOU N VOHOBEeoia eTUTPETIEL E€AIPECN KATIOLWY KATNYOPLWY — OTIWG TL.X. O KAvOvVAC Tou 2%*
otov Bias Audit Law (Local Law 144 )tng Néag YOpkNG — auTo yiveTal ATIOKAELOTIKA PE ATIOPOAON TOU XPNOoTN KAl he TTARPN,
£ekABa PN evNUEPWON EVIOC TNG TIAATPOPHUAC.

* H e€alpeon 1ou 2% eTUTPETIEL OTOUC EAEYKTEC VA TIAPAAEITIOUV ONUOYPAPLKEC KATNYOPIEC TIOU attoteAouv Alydtepo atd
TO 2% TWV OEOOUEVWV KATA TOV UTIOAOYLOPO TNC AVOAOYIOC ETUTITWOEWV.

05 - Q&A - Mw¢ dlaopaliCoupe 6Tt To audit aflomotel GAa ta da codedthought®



06 - Q&A

/ Q-06

2UUBOUAEG yia internal auditor pe eAayxitotn yvwon Al;

OUR ANSWER

TpELC TIPAKTIKEC CUUROUAEG:

(1) zekiva ard 1oV eTiXELPNUATIKO KivOUVOo, OXL ATIO TA HOBNUATIKA — TIOLEC ATIOPACELC TIAPVEL TO HOVTEAO KAL TIOLOV
gTinPeACouV.

(2) MdBeg t1¢ BaolkEg €vvoleg, OXL TOUC aAyopiBuoug — TL onuaivel pepoAnyia, aglomiotia, dlKkaloouvn, EpuNVEUCIUOTNTO.

(3) zekiva pe pLa dOKLuR o€ eva HOVTEAO XapnAou piokou. O TIpwTog EAeyX0OC eival TIAVTIA sUKOALpia pABnong — gueig
TIPOOCPEQLOUUE KOBODNYOUUEVEC EKTEAECELC PE TIPAYHATIKA oevapla. Kal val, eival artoAUTWS ePLKTO XWEIC TEXVIKO
uTtORaBPO.
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